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constructed; therefore, an atlas is containing of the prior information algorithms incorporating local information for image segmentation. Pattern
about di erent tissues in the brain. e atlas-based methods use Recognition 40: 825-838.
these pre-labeled images and prior anatomical information for the7. Caldairou B, Nicolas P, Piotr H, Colin S, Francois R (2011) A non-local fuzzy
segmentation process. ese methods mostly are consisted of three main Segmentation method: application to brain MRI. Pattern Recognition 44: 1916-
. . . . 1927.
steps such as registration, label propagation and nal segmentation. A
huge amount of work has been done in this area, because of the abmhprtiz A, Gorriz JM, Ramirez J, Salas-Gonzalez D (2012) Unsupervised neural
; : i WHFKQLTXHV DSSOLHG WR 05 EUDLQ LPDJH VHJPHQ
of these methods for MRI image segmentation [40-45]. Neural Systems 2012: 1.7,
Conclusions 19. Kanimozhi M, Bindu CH (2013) Brain MR Image Segmentation Using Self
) o Organizing Map. Brain 2: 3968-3973.
Di erent methods have been proposed for MRI brain image ) ) i

. but | thod h t b d 2({. Otani T, Sato K, Madokaro H, Inugami A (2010) Segmentation of head MR
Segmema_tlon‘ ut a general me 0' _as no . een proposed ye ‘images using hybrid neural networks of unsupervised learning. Neural
Unsupervised methods do not use prior information; therefore, these Networks (IICNN) 1-7.
methods cannot use this information for increasing their nal result§21‘ Awate SP, Tasdizen T, Foster N, Whitaker RT (2006) Adaptive Markov modeling
thus they mostly produce a lower accuracy as compared to supervisediRu PXWXDO LQIRUPDWLRQ EDVHG XQVXSHUYLVHG
methods especially in the real datasets. Moreover, supervised methods/ed Image Anal 10: 726-739.

_need label data for training, which are generated by expertsg therefof_@.:Scherrer B, Forbes F, Garbay C, Dojat M (2009) Distributed local MRF models
it consumes many resources and in the most cases this work isfor tissue and structure brain segmentation. IEEE Trans Med Imaging 28: 1278-

expensive. Consequently, medical image segmentation and especially-295-
brain segmentation issue is an open problem which needs to be meE 7RKND - 'LQRY ,' 6KDWWXFN ': 7RJD $: %UDLQ 0!
accurate and precise than the other non-medical image segmentation EDVHG RQ ORFDO ODUNRY UDQGRP ¢HOGV 0DJQ 5HVI

applications. 24. Bricq S, Collet Ch, Armspach JP (2008) Unifying framework for multimodal

brain MRI segmentation based on Hidden Markov Chains. Med Image Anal
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