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information. M summarizes the number of convulsion alarms issued
by the models of M1-M4 once PTX was dosed. The 24-h data contained
important changes within the activities of ANS because of feeding and
sleeping; HRV data containing such changes weren’t applicable for
model training [5]. Thus, the convulsion prediction model has got
to be trained from HRV data throughout resting conditions, during
which ANS activities don’t considerably fluctuate. This indicates that
the modelling data have to be selected carefully, which is a common
problem in machine learning.
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